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6.3 PyTorch I}

- torch.nn.Softmax(dim=...): 7EfEE4EE A —1k,
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B SR I https://pytorch.org/docs/stable/generated/torch.nn.Softmax.html 5 https://
pytorch.org/docs/stable/generated/torch.nn.CrossEntropyLoss.html,
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o HEFIE

MIT 6.036 (Introduction to Machine Learning). Notes: Linear Classifiers. https://openlearninglibrary.
mit.edu/assets/courseware/v1/9d904854b4ae0878cfdcedcdceabf937/asset-v1:MITx+6.036+
1T2019+type@asset+block/notes_chapter_Linear_classifiers.pdf

Stanford CS231n. Linear Classification. http://cs231n.github.io/linear-classify/

PyTorch Documentation. torch.nn.Softmax / torch.nn.CrossEntropyLoss. https://pytorch.
org/docs/stable/index.html

Bft: FRIESTARIEXTER

A Classification AL Linear Classifier
—hs Binary Classification EFIES Multi-class Classification
FANR2E Class Label N7 [ Input Space
a1 HH 2 () Output Space VN UL S Decision Boundary
53 B P Separating Hyperplane 0-1 2k 0-1 Loss
bk ACIfE| Logistic Regression B / Sigmoid Logistic / Sigmoid Function
UIRSIEAEIVEZS Negative Log-Likelihood & X J# Cross-Entropy
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B4k Regularization B Hyperparameter
o E Gradient T4 Partial Derivative
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2 Learning Rate B 7 Residual
One-hot #nfid One-Hot Encoding Logits Logits / Scores
Softmax Softmax H—4k Normalization
K14 52 Image Classification K& Tensor
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