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“The field of study that gives computers the ability to learn without being explicitly

programmed.”
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Machine learning (ML) is a field of study in artificial intelligence concerned with the

development and study of statistical algorithms that can learn from data and generalise

to unseen data, and thus perform tasks without explicit instructions.
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A computer program is said to learn from experience E with respect to some class of
tasks T" and performance measure P, if its performance at tasks in T', as measured by P,

improves with experience E.
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Machine Learning (ML)
Deep Learning (DL)
Unsupervised Learning
Classification

Data

Model

Generalization
Parameter

Experience
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Dimensionality Reduction
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Accuracy
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Artificial Intelligence (AI)
Supervised Learning
Reinforcement Learning
Regression

Task

Learning Algorithm
Hypothesis Function hg
Hyperparameter
Performance Measure
Clustering

Density Estimation
State / Action / Reward
Tensor

Point Cloud
Vocabulary

Word Embedding
Dataset

Validation Set
Annotation / Labeling
Linear Layer
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Loss Function

Learning Rate
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